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Analysis of Data 
 

  I started my analysis with descriptive statistics.  A bivariate correlation shows 

what variables are correlated, and the strength of each correlation.  Variables that are 

highly correlated (a Pearson correlation < .2 with a significance of at least .05) suggest 

colinearity.  Colinear variables may draw on each other in the regression analysis, 

masking their significance.  The two independent variables that are the most correlated in 

my data are worker's rights (WORKER) and the empowerment index (EMPINX).  See 

Table 1.  They will not be included in the same analysis.1   Since microcredit institutions 

focus on empowerment as an important aspect of microcredit lending, I will keep the 

empowerment index in the analysis.  Once the worker variable was removed, there were 

no other variables correlated greater than the (.02) level (See Appendix 2). 

                                                
1 I ran the same regression analyses with the WORKER variable instead of EMPINX, and my results were 
almost identical.   
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Table 1:  Correlations 

 
**  Correlation is significant at the 0.01 level (2-tailed). 
*  Correlation is significant at the 0.05 level (2-tailed). 
 

 
 

The first regression analysis, depicted in Table 2, includes the dependent variable 

return on assets (ROA), and independent variables previous return on assets PREVROA, 

coded as return on assets the previous year, women’s economic rights (WECON),  

women’s social rights (WOSOC), the empowerment index (EMPINX), the institution’s 

diamond rating (ratingdiamonds), and women’s political rights (WOPOL).  The R Square 

(R2= 0.84) suggests that a high percentage, 84%, of the variance in return on assets is 

explained by this model.  However, the only variable that has a significant relationship 

with the dependent variable is the lagged variable, previous return on assets.  Because 

   empinx worker wecon wopol wosoc 
ratingdiam

onds pctwomen 
empinx Pearson Correlation 1 .501(**) .091 .071 .186(**) .167(*) -.089 
  Sig. (2-tailed)   .000 .193 .313 .008 .016 .300 
  N 206 206 205 206 204 206 138 
worker Pearson Correlation .501(**) 1 .035 -.094 .006 .238(**) -.205(*) 
  Sig. (2-tailed) .000   .621 .178 .937 .001 .016 
  N 206 206 205 206 204 206 138 
wecon Pearson Correlation .091 .035 1 .157(*) .079 .014 .042 
  Sig. (2-tailed) .193 .621   .025 .263 .843 .623 
  N 205 205 205 205 203 205 138 
wopol Pearson Correlation .071 -.094 .157(*) 1 .182(**) .011 .010 
  Sig. (2-tailed) .313 .178 .025   .009 .876 .907 
  N 206 206 205 206 204 206 138 
wosoc Pearson Correlation .186(**) .006 .079 .182(**) 1 .047 -.096 
  Sig. (2-tailed) .008 .937 .263 .009   .500 .267 
  N 204 204 203 204 204 204 136 
ratingdiamonds Pearson Correlation .167(*) .238(**) .014 .011 .047 1 -.080 
  Sig. (2-tailed) .016 .001 .843 .876 .500   .346 
  N 206 206 205 206 204 211 140 
pctwomen Pearson Correlation -.089 -.205(*) .042 .010 -.096 -.080 1 
  Sig. (2-tailed) .300 .016 .623 .907 .267 .346   
  N 138 138 138 138 136 140 140 
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p<0.01 there is a very small possibility (less than 1%) that these results would show up as 

a result of random chance. As a general rule, a p-value of 0.05, or 5%, is considered 

significant.  I can confidently reject the null hypothesis that the lagged return on assets 

variable does not have an effect on return on assets, holding all other variables constant.  

This suggests support for the hypothesis that previous return on assets has an effect on 

return on assets.  There is a positive coefficient, meaning that when the previous year’s 

return on assets increases by one unit (1%), the dependent variable, return on assets, 

increases 0.573 units (0.573%), holding all other variables constant.  For example, if 

return on assets increases 10% in a year, the next year’s return on assets will increase 

5.73% on average, according to this model.  

  
Table 2:  Regression with Previous Return on Assets Included 

 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 

a  Dependent Variable: ROA 
b. Sample Size: n=  84 
c. R2= .837 

 

The lagged variable, previous return on assets, has the most significant 

relationship with the dependent variable return on assets.  Accepting that the best 

predictor of the dependent variable is the same variable’s past performance, it is still 

interesting and worth looking at how other indicators affect the dependent variable. In 

Unstandardized 
Coefficients 

Standardized 
Coefficients 

Model   B Std. Error Beta t Sig. 

(Constant) -11.360 9.002   -1.262 .211 
wecon -.020 .826 -.001 -.024 .981 
wosoc -1.337 2.030 -.035 -.658 .512 
wopol 4.318 3.577 .065 1.207 .231 
empinx .259 .443 .027 .584 .561 
ratingdiamonds 1.134 1.215 .048 .934 .353 

1 

prevROA .573 .031 .889 18.613 .000 
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order to see if there is a secondary variable that also has a significant relationship with the 

dependent variable, or if the lagged dependent variable is masking the significance of the 

other variables, I ran the same regression analysis without the previous return on assets 

variable in the model.  This regression, depicted in Table 3, revealed that a very small 

amount, 7.6%, of the variance in return on assets was explained by the model (R2=0.076).  

It is clear that none of the variables, except for diamond rating, have a significant affect 

on the dependent variable.   The diamond rating variable had a p value of (0.008), 

meaning that there is less than 1% chance that the relationship is random.  Based on this, 

I can confidently reject the null hypothesis that there is no relationship between the return 

on assets and the diamond rating, holding all other variables constant. This means that 

there is support for the hypothesis that there is a relationship between return on assets and 

the diamond rating.  There is a positive coefficient, meaning that when the diamond 

rating increases one unit (one diamond), return on assets increases by 8.54 units (8.54 %). 

For example, if an institution increased its diamond rating in one year from three to five 

diamonds, one would expect the return on assets to increase by 17.08%.  This 

relationship is significant, but the variance on the dependent variable suggests that it does 

not play a major role on the outcome of the model. 
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Table 3:  Regression without Previous Return on Assets 

 
 
 
 
 
 
 
 
 
 
 
 
 
 
 

a  Dependent Variable: ROA 
b. Sample Size: n= 119 
c. R2= .076 
 
 

According to this regression analysis, the only indicator that has a strong and 

significant relationship with the dependent variable return on assets is return on assets of 

the previous year.  Even when the dominant variable is removed, there does not seem to 

be significance with any of the other variables. 

Since my study is concerned specifically with institutions that lend primarily to 

women, I ran the same regression analysis with varying percentages of women as the 

primary clients of the institutions.  This controls for the possibility that my results are 

skewed by institutions that lend primarily to men.  I chose a simple majority, greater than 

half of the clients are women, a stricter majority, over 2/3 of the clients are women, and 

an even stricter 3/4 majority.  This decreases the number of cases that are used in the 

analysis, but it shows how the variables interact when the clients are mostly women.  In 

each case the number of samples is well above the standard 30 samples that are necessary 

for a reliable result.  For each rule, (>50, >66, >75), the most significant variable 

remained previous return on assets.  Even when the previous return on assets variable 

Unstandardized 
Coefficients 

Standardized 
Coefficients 

Model   B Std. Error Beta t Sig. 

(Constant) -52.882 23.734   -2.228 .028 
wecon .852 2.716 .030 .314 .754 
wosoc -2.937 4.276 -.067 -.687 .494 
wopol 10.027 10.177 .098 .985 .327 
empinx -.288 1.203 -.022 -.239 .812 

1 

ratingdiamonds 8.548 3.152 .251 2.712 .008 
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was removed from the analysis, the indicators of women's rights did not have a 

significant relationship with the dependent variable.  As with the previous regressions, 

the only significant variable was the diamond rating.  Below is a table (Table 4) that 

includes data from the different regression analyses with percent women as a rule:   

 

 

Table 4: Regression with Different Percent Women as a Rule 

 

Note:   The variables are formatted as: beta coeffeicient(standard error)(significance)  
 Results are with a asterisk (*) are significant, the p-value is less than 0.05 

 

This table offers further evidence that my hypothesis was not supported. In 

addition, I ran the same regression analyses with different indicators of microcredit 

success, including profit margins and return on equity, and I came up with similar results.  

I chose to run the same analysis with other variables because there is a possibility that I 

did not choose the most appropriate dependent variable that capture microcredit success 

(See Appendix 3). After running the same analysis with different dependent variables, I 

 
 
 
Model 

Percentage of 
women > 50%  

Percentage of 
women > 50% 
w/o PREVROA 

Percentage of 
women > 66%  

Percentage of 
women > 66% 
w/o PREVROA 

Percentage of 
women > 75%  

Percentage of 
women >75% w/o 
PREVROA 

WECON 
 

2.56(4.37) 0.21(3.25) 9.86(8.29) -4.32(11.97) 2.57(4.38) -8.19(12.45) 

WOSOC 
 

-0.11(3.55) -3.93(5.57) -2.93(6.58) -3.93(6.5) -.11(3.55) -6.89(6.77) 

EMPINX 
 

0.46(0.74) -0.32(1.67) 1.129(1.39) -.296(1.876) 0.46(0.74) -1.08(1.91) 

Ratingdiamonds 
 

3.06(2.27) 7.61(4.41)* 5.4(4.01) 9.08(5.147) 3.06(2.27)* 11.99(5.26)* 

WOPOL 
 

-23.8(45.20) 12.12(13.40) -94.4(85.6) 62.9(123.84) -23.82(45.2) 105.90(128.37) 

PREVROA 
 

0.547(.043)* n/a 0.094(0.021)* n/a .547(.043)* n/a 

Constant 
 

31.20 -52.84 150.61 155.35 31.204 -237.57 

Sample Size, n 
 

60 87 51 74 46 65 

R2 

 
0.836 0.055 0.385 0.064 0.836 0.134 
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am confident that my hypothesis is not supported.  Microcredit success is not contingent 

on gendered state oppression, regardless of the indicator.   


